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ABSTRACT

Named Entity Recognition is one of the most important branches of Natural Language
Processing. Its purpose is making finder software which is finding proper names such as
person name, organization name, and places name by performed rule of language. In
early years this type of project was done for languages such as English, Chinese, Hindi,
and Turkish etc. However, this type of project has never performed for the Mongolian
language. This project is about Named Entity Recognition of Mongolian language. That

is why this thesis uses software Mongolian grammar, shapes, forms, and rules.



OZET

Varlik Ismi Tamma, dogal dil islemedeki calisma alanlarmdan biridir. Varlik ismi
tanima ile bir dile ait kisi, yer, kurum isimlerini bulmak gibi zaman, saat, tarih varlik
isimlerini tespit etmek mimkiindir. Bu alanda Inglizce, Tiirkce ve Cince gibi birgok
dogal dilde calismalar yapilmistir. Mogolca iizerine bu alandaki ilk ¢alisma olup,
Mogolca yazilmis bir dokiimandaki kisi, yer ve kurum isimlerinin tespit edilmeni

saglamistir.



1. INTRODUCTION

Natural language processing (NLP) is one of important area of computer science. NLP’s
main goal is designing and making software that can analyze, transform and interpret a
language which spoken and written by human.

Although the field of NLP was originally referred to as Natural Language
Understanding (NLU) in the early days of Al, it is well agreed today that while the goal
of NLP is true NLU, that goal has not yet been accomplished. A full NLU System
would be able to:

1. Paraphrase an input text

2. Translate the text into another language

3. Answer questions about the contents of the text

4. Draw inferences from the text [14]

NLP’s one useful subfield is Named Entity Recognition (NER). This thesis is about
Mongolian Named Entity Recognition and we will have more information about NER

in the next chapters.



2. MONGOLIAN LANGUAGE

Mongolian is the native language of Mongolia and is spoken by 5.2 million people who
are all Mongolian residents and some residents of the Inner Mongolia autonomous
region of China. In this chapter we will learn about Mongolian and the relationship
between Turkish and Mongolian.

2.1. About the Mongolian Language

The Mongolian language is the official language of Mongolia and the best-known
member of the Mongolic language family. Before 1946, Mongolian National Script as
Uigur alphabets (Figure 2.1) was used. Since 1946, Mongolian people used the Cyrillic
alphabets (Figure 2.2) and 90 percent of the population knows writing and reading by
Cyrillic. There are 35 alphabets in Cyrillic Mongolian and they are shown by Table2.1.

Mongolian has vowel harmony and a complex syllabic structure for a Mongolic
language that allows clusters of up to three consonants syllable-finally. It is a typical
agglutinative language that relies on suffix chains in the verbal and nominal domains.
While there is a basic word order, subject—object—predicate, ordering among noun
phrases is relatively free, so grammatical roles are indicated by a system of about eight
grammatical cases. There are five voices. Verbs are marked for voice, aspect, tense, and

epistemic modality [13].

Table 2.1 Mongolian Cyrillic Letters

Mongolian Turkish Mongolian Turkish
Cyrillic Counterpart Cyrillic Counterpart

1 Aa Aa 19 Pp Rr
2 b6 Bb 20 Cc Ss
3 Bs Vv 21 Tt Tt
4 I'r Gyg 22 Yy Uuu
5 On Dd 23 Yy Ui
6 Ee Yy 24 D ¢ Ff
7 Eé - 25 X x H h
8 K ox Cc 26 I o --

9 33 2z 27 Yy Cc
10 Uu li 28 I 1 Ss
11 i - 29 01, 1y -




12 Kk K k 30 b --
13 Jn LI 31 bl I1
14 MM M m 32 b -
15 Hu N n 33 C)) Ee
16 Oo Oo 34 10 10 --
17 Oo 0o 35 Sa --
18 ITo Pp

Modern Mongolian evolved from "Middle Mongolian”, the language spoken in the
Mongol Empire of the 13th and 14th centuries. In the transition, a major shift in the
vowel harmony paradigm occurred, long vowels developed, the case system was

slightly reformed, and the verbal system was restructured.

} Yawmoaa
: 3

T3pm3ax Xaspvi 60PYyObIHX WUE XOMIOAUOO) HIZ AIXATIMAAD

ané&,\g‘:
(a%\&«n}w\ws T
MO SNy O
S
W(‘V‘*\P«

R

T3p 1 APYYXaH MOU XYAZUIH MOEOPIOOH WUUZ HUHCUZHIH
Viimaii camzaauitn Muns aHupeyiiz c3pIzn3
Vyaza ardan aticyit

i - Yeyi1033 xaippm murne 6u mapmasic yadoazeyi

Tam

AN

YH31033 uu u 6ac mapmazoaxuiie xyco3zzyi

Xapunvt uunv 2329310 W13z MIPAIHC AEXAO

9 Rrord
ol
‘o
NS
»\

Xaspuvin wiyeyyovin oyyH 3u330 6oa002eyit
3a}1a 3aAa2aa 0AZACAH MAGIWIAH 2IHC 6HIZX'HIIC

3aiizyit OomHOXOH cIM23.10 XA2aUAT 23HC bandazzyii

Figure 2.1 Mongolian National Script Figure 2.2 Mongolian Cyrillic

2.2. Between Mongolian and Turkish Relationship

Altay is language family of at least thirty five languages spoken by people who live
from Eastern Europe and Mediterranean to Middle East and Middle Asia [I6]. In Altay
group Turkish languages, Mongolian, Tungusic, Japanese and Korean. Also Estonian,

Finnish and Hungarian are some of relative languages.



Their similar features are:
1. Adding by structure way
No prefix
Root doesn’t changing when it is suffixed or derived
First accessory elements then main elements
This languages have no grammatical gender
They have question supplement

N o oA W N

Mutual supplements. Especially between Mongolian and Turkish [15]

Actually, Mongolian and Turkish sentence structure is same like subject—object—
predicate. Also, there are almost three hundred words that are almost the same in the
two languages. Example is below in Table2.2.

Table 2.2. Similar words of Mongolian and Turkish

Mongolian Turkish
Tsetseg Chichek
Sandal Sandaliye
Khar Kara
Uls Ulus
Uzem Uzum
Jil Yil
Tumur Demir
Tavag Tabak




3. FEASIBILITY

In this chapter we can see our feasibility study. Our feasibility study is trying to show

about our project resources and about our planning which is from project beginning to

project ending.

3.1. Schedule Feasibility

Time line chart Figure3.1 shows our planning and our project’s steps.

ID TASK START END DURATION
Oct | Nov | Dec | Jan | Feb
1 | Planning and Organizing 29-Sep-11 06-Oct-11 6d I
2 | Researching and Brainstorming 29-Sep-11 16-Jan-12 78d k]
3 | Logical Designing 04-Oct-11 06-Oct-11 3d %
4 | Processing Design 05-Oct-11 11-Jan-12 71d T
5 | Coding 05-Oct-11 19-Jan-12 77d e
6 | Analizing 10-Oct-11 19-Jan-12 74d T
7 | Testing 21-Nov-11 20-Jan-12 45d s
8 | Project Completion 09-Jan-12 20-Jan-12 10d z

Figure 3.1 Gantt Chart

3.2. Technology and System Feasibility

NetBeans is very useful program for projects which are based object oriented

programming language. That’s why we choose NetBeans for our project with Java

programming language. Here is also our technical specification:

Windows 7 Ultimate
System:

Manufacturer: Sony

Processor: Intel(R) Core(TM)2 Duo CPU
Installed memory(RAM): 4.00 GB (2.87 GB useable)
System type: 32-bit Operation System




4. NAMED ENTITY RECOGNITION

Named Entity Recognition is our topic of this thesis. This part explains about NER and
Mongolian NER system.

4.1. Named Entity Recognition

NER is an important subtask for information extraction tasks such as machine
translation, information retrieval, question answering and so on. Also it involves the
identification and classification of named entities: expressions that refer to people,

places, organizations, products, companies and dates, times, or monetary amounts.

Early work in NER systems in the 1990s was aimed primarily at extraction from
journalistic articles. And then it is getting turned to processing of military dispatches
and reports. Since about 1998, there has been a great deal of interest in entity
identification in the molecular biology, bioinformatics, and medical natural language

processing communities [11].

Different kind of NER systems were evaluated as a part of the Sixth Message
Understanding Conference in 1995 (MUC). The target language was English. The
participating systems performed well. However, many of them used language-specific
resources for performing the task and it is unknown how they would have performed on

another language than English [4].

After 1995 NER systems have been developed for some European languages and a few
Asian languages. There have been at least two studies that have applied one NER
system to different languages. Palmer and Day [4] have used statistical methods for
finding named entities in newswire articles in Chinese, English, French, Japanese,
Portuguese and Spanish. They found that the difficulty of the NER task was different
for the six languages but that a large part of the task could be performed with simple
methods. Cucerzan and Yarowsky [5] used both morphological and contextual clues for

identifying named entities in English, Greek, Hindi, Rumanian and Turkish. With



minimal supervision, they obtained overall F measures between 40 and 70, depending

on the languages used [12].

The first study on NER that is in Turkish texts is the one by Cucerzan and Yarowsky
where the authors present a language-independent NER system. A statistical NER
system for Turkish was presented by the authors report evaluation results comparable to

the results of similar systems for English.

The sequences of tokens matching the items in the lexical resources or matching the
patterns in the pattern bases are annotated accordingly by the NER system using the
named entity tags (ENAMEX, TIMEX, and NUMEX) proposed in the Message
Understanding Conference series [2].
The entity tags are shown below:
1. Names (enamex)
e Person
e Place
e Organization
2. Times (timex)
e Date
e Time
3. Numbers (Numex)
e Money

e Percent

MUC working type is in sentence kind of XML type. For example:

<ENAMEX TYPE="PERSON">Davaa</ENAMEX> worked for <ENAMEX
TYPE="ORGANIZATION">Workcube Inc.</ENAMEX> from <TIMEX
TYPE="DATE">2006</TIMEX> to <TIMEX TYPE="DATE">2009</TIMEX> in
<ENAMEX TYPE="PLACE">Turkey</ENAMEX> with <NUMEX
TYPE="MONEY">2000$</NUMEX> salary a <TIMEX
TYPE="TIME">month</TIMEX> .



There are a variety of techniques for NER. Two broadly classified approaches to NER
are:

— Linguistic approach and

— Machine learning based approach.

The linguistic approach is the classical approach to NER. It typically uses rules
manually written by linguists. The recent Machine Learning (ML) techniques make use
of a large amount of annotated data to acquire high-level language knowledge. ML
based techniques facilitate the development of recognizers in a very short time. Several
ML techniques have been successfully used for the NER task. ML approaches like
Support Vector Machine (SVM), Conditional Random Field (CRF), and Maximum
Entropy Markov Model (MEMM) are also used in developing NER systems [3].

Also these techniques are Supervised Learning (SL) and they have been used many
times before in NER systems. Here are some of the examples:

D. Bikel used SL techniques include Hidden Markov Model (HMM) in 1997, S. Sekine
used Decision Trees in 1998, also same year A. Borthwick used Maximum Entropy
Models (ME), M. Asahara and Matsumoto used SVM in 2003 and same year A.
McCallum and Li used CRF [1].

4.2. Mongolian NER

Mongolian NER system is being done by rule based system which helps to recognize
person names, place names and organization names. And the system uses additional
Mongolian language grammars with java programming language. In additional it is
followed by MUC. Also the system is giving influential outcomes and easy to use. We
can just upload Mongolian text file as input then get the names with program’s rules.

We will see about the rules in detailed by sixth chapter.



5. USING METHODS

This chapter covers methods to Mongolian NER.

5.1. Rules Based System
In computer science, rule-based systems are used as a way to store and manipulate
knowledge to interpret information in a useful way. They are often used in artificial
intelligence applications and research [17].
Rule based systems main aim is filtering the high amounted data with specified rules
and performing lexical analysis to compile or in NLP. Useful areas are: Credit Card
Fraud Detection, Telecom Fraud, Intrusion Detection Systems-IDS and Named Entity
Recognition etc. A typical RBS has four components.

1. Alist of rules or rule base

2. An inference engine

3. Temporary working memory

4. A user interface [18]
In this thesis we purpose to make a NER system using a RBS and our rules are

explained with more detail in the below.


http://en.wikipedia.org/wiki/Computer_science
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6. STAGES OF PROJECT DEVELOPMENT

The purpose of our project is making NER system for Mongolian. From the beginning

until now our project is getting more effective.

First of all our system needs text input. After get text, pre-processing starts that is
separating words from symbols (- . ¢ <” > etc ), making the text sentence by sentence
and detecting spaces to make one space if spaces are more than one. Then our
Mongolian NER system is firstly finding all potential words which are uppercase words
and some lowercase accessory words. For example: uppercase word- Monromn
(Mongolia), lowercase accessory word- yac (country). Then the system saves picked
words in a candidate list. When the program saves the words to the list, the list needs
five features of that word. The five features are the own word, next word of the word in
the text, previous word of the word, the word’s offset address, the word’s type which
needs to understand word is person name or place name or organization name. After
getting the candidate words, our system tries to separate person names, organization

names and place names from the list with rules.

The next step is finding proper names from the candidate list. This step is materialized
under certain rules. The list words compared one by one with person name’s rules then
place name’s rules then organization name’s rules. If candidate word is equal with
person name’s rule its type should be one, if its equal with place name its type is two, if

its equal with organization name its type is three. We will know about the rules below.
After find proper names the text should be colored by the type. Person name is red,
place name is blue and organization name is green. If candidate word is not proper
name, its color is black.

6.1. Rules of Mongolian Named Entity Recognition

In this chapter we can see rules for Mongolian Named Entity Recognition one by one.
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6.1.1 Person Names
Our system firstly compares the candidate words with person name’s rules. Now here

are the person name’s rules.

1. We have a string array which includes some common person names. Our system
compares candidate words with that array then if it finds equal word, makes
candidate word a proper name. Some parts of the array: "Uunruc",
Kamgnadu","Uammu" (Chinggis, Kadafi, Chaplin).

2. We prepared a string array. The array has an accessory words that usually comes
in front of the person names. And the system compares candidate word’s front
word with this array word. If it finds equal word, candidate word’s type will be
one which means this candidate word is a person name. Here is part of the array:

nn nn nn

“rumyyH","mapra","xyympu","oxun" and "aaB" (deputy, commander, lawyer,

daughter, and father).

3. Also same operation for back of person names. Example of found words:
=nn nn nn nn

"ryait","oxun","aaB","»x","sru" and "asraii" (mister, daughter, father, mother,

sister, and lady).

4, If the candidate word’s first character is uppercase and second character is dot,
the candidate word should be a person’s name. For example: P.bagammamaua
and J1.Dux6ar. Because the uppercase character is reporting Surname’s first
character. If surname is Jordan and first name is David the name can be like
J.David.

5. Also system is detecting connector words. If two or more candidate words are
connected “6a” or “6omon” (“6a” means “and”, “60m0H” means “or”’) and also
these words are existing in front or back of person names, system makes person
names to other candidate words automatically. For example: /laBaa 6a {onrop

(Davaa and Dolgor).
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6. Also same operation available for comma with candidate words. For example:
oxuH [lymam, bat, boxn (Dulam, Bat, Bold).

6.1.2. Place Names
Our system compares candidate word with place name’s rules after person name

comparing.

1. We have a string array named by selfPlace. The array includes some broad place
names. And the system compares candidate words with this array and if it finds
equal word set the candidate word’s type to two. Which means the candidate
word is a place name. Here is some parts of the array: "Mownron",
"SImou","Ymaan6aarap", "Anrmm", "Espon" (Mongolia, Japan, Ulan-Bator,
England, and Europe).

2. Another prepared string array includes words to describe place names by

existing in front of place names. For example: “myx","xot", "Omuen"," lynman

and "tocron" (state, town, southern, middle, and village).

3. Also same operation for back of place names. Example of found words:

Snn nn "

"cymraii","xot","Tocron" and " opon " (small group place, town, village,

country).

4. If the all the word’s characters are uppercase and last character is “Y”, which
means this word is a place’s name. For example: BHCY and AHY (KOR-Korea,
USA)

5. Also system is detecting connector words. If two or more candidate words are
connected “6a” or “6omon” (“6a” means “and”, “6omon” means “or”’) and also
these words are existing in front or back of the place names, system make place

names to other candidate words automatically.
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6. Also same operation available for comma with candidate words.

6.1.3. Organization Names
After place name’s rule, our system compares candidate word with organization name’s

rules.

1. We have a string array named by selfOrganization. The array includes some
common organization names in Mongolian texts. And the system compares
candidate words with this array and if it finds an equal word set the candidate
word’s type to three. Which means the candidate word is an organization name.
Here is some part of array: "TaBanTtosroit", "Kopmopamu", "Monmamd" and

"Google".

2. String array includes words to describe organization names by existing in the

back of organization names. Here is "mdHrammx","arentmar", "yimaeap',

"kommanu" etc. (station, agent, factor, and company)

3. If all the word’s characters are uppercase which means this word is an

organization’s name. For example: YUX and MHH.

4. Also the system is detecting connector words. If two or more candidate words
are connected “6a” or “06oson” (“6a” means “and”, “6osoH” means “or”’) and
also these words are existing in front or back of organization names, the system

makes organization names to other candidate words automatically.
5. Also same operations are available for comma with candidate words.
6. Organization name can sometimes be acronym words. That is why our system

finds long meaning of organization name. For example: MoHT0JIbIH XOpOHTHITH
oupx (MXB). (Mongolian )
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6.1.4. Other Rules
1. If proper names are first and the next word is a candidate word, the system
makes that word s proper name too. It depends with which proper name is
nearby that candidate word.

2. Also our system has another string array which is detecting wrong words from
proper names then changes that word’s type to zero. Which means the system
makes gives a black color to that word and the word looks like normal word. For
example: Munounesuiin Epenxuiineru Cycumo bambanr (Indonesia’s president
Susilo Bambang). System finds the first word as a place name then finds the
person name (Susila Bambang) with president word. But normal program makes
president is the person name too. Because of another rules. But detecting rule

finds president word from them then changes that word as normal word.

Here is in Figure 6.1, Mongolian NER System is maden by Java programming

language.

£ Mongalian Mamed Entity Recogrition E’@

@ il Lpload Qrinaar

EpaHAneny , FNOH YCHIH £ - b CARTBI KmSH 284 YM3ae, 11 U3 56 MAHYTEIN Shine Manai i aindanck Gk AnoH Ynceln BaTan vanraanzseib cait Bacyo Vs sHaegen Mosron Ve Eperming L,
SnBsraapna Banaanmaa, Caig Racyo Mukaea Monron - ANOH! K00pORE ANNINNAT SA0HAUEA TOM0CHe! 40 Xtk DR aHeab 30utH Bonsk Manrang wpsk Gaibraztaa Bampra Gafraaras pnsanmels aHn cnn3s. " Anod
103, Boncan BairaniH rEMUrHAH 20 KOXMANSIT G383H T30 MOHTOMGIM 31 TiIH TYCTAMKARN Tapas CHTACaHA Tanapian Banraaraa ANOHel ap0 TyMHWit Kapuin SmHaac wpoims: Baina 2010 ong 3y Epariinery
TaHb MaHEA A0 3R ANANENSIH e3P * CTRETEIWAH TyRW AT Tansa e LahTat 2 MALATIAN * Syparncan. MeH axasnen Morron Ynceis Bamnan 2 aana Han Bonow , Anon Yncels BaTnan &z FanHe xoogond
YAMTAH vz Camans Suur Sadonrnas. 30rson Sapnem Sy SuTHAR KEMToM xMnnaras By canBan sram XOnka: aore Sononener e o Gaiiwa ” raw Tapann Apve. Epssisitnen Ll 3nBsraop Mowron -
FAOH| 40PN AMTTOMT K3MMUZA TOTTODCHS 40 ¥ DAH XAMTMIR 3HiHel 34RO FNOHBI 3300H0tH a3 0b0H TMLIPYH GATANaR MK, O KAMIAH AN Skarmaraar vz Bairaz Hb gran oM T30 K08 O0He) XapHnLas
SAMTEIH SEKMTATaHE C3TT A Kasrao Saiharaa s, Ymaammeih a3 X08p 0pHe SaTnaH £amTanas canfap0 KanTH ¥NNATasHe) TaN3a CaHan conunuge. Tasan TonTa At St Caunmanyein Cipramsls
Tagr ONOH YrckIH Cypranreid Tae GOnTayng anma, MONTONSIM ma oowuspyy Dt Anons LLumie Coorame  AXADeME oyora, Y - oM M CaNMK SRINATSAHE 2 DE3HI KAMTYAH SXMANGE 3303T ACwel
YGHIERK ALMNUE. Mk ONOHYIE  Byc HYTTvite acyyInasp Caman conuawon. .

Figure 6.1 System Print Screen
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7. RESULT

This chapter is about Mongolian NER system’s experimental results and the system’s

some constraints.

7.1. Result of Experiments

In our evaluation of the result, the proper names were considered to be recognized
correctly, if they were an exact match of the similar entities in the data. Our
classification results are performed by well known performance metrics that are
precision and recall. Precision is defined as the ratio or percentage of named entities
found by the system that is correct. Recall is the ratio or percentage of named entities
present in the corpus that were actually found by the system. Their formats are shown
by Table 7.1 and below formulas.

Table 7.1 Analysis of precision and recall

Correct Incorrect
Retrieved a C atb=m
Un retrieved b d c+d=N-m
a+c=n b+d=N-m atb+c+d=N

P= % (Precision) (1)

R = % (Recall) 2)
F measure = =k 3
P+R

We used 50 text files to our result which are type of economy, sport, health, political,
and current gazette news etc. The files have total around 22600 words and found 1652
proper names. Cardinal success value of the system is shown by Table7.2. Other

successes which are listed by type of news are shown by Table7.3.
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Table7.2 Cardinal Success

Proper # Correct i . Success
Names # name name Incorrect | Precision | Recall | F measure ate
name
Person 470 414 73 0.85 0.88 0.86 86%
Place 519 477 105 0.82 0.92 0.87 87%
Organization 663 546 82 0.87 0.82 0.84 84%
Table7.3 Success by news’ type
Type Person Place Organization
Political 82% 78% 93%
Current 85% 80% 76%
Economy 87% 95% 92%
Magazine 82% 82% 83%
Health 96% 85% 79%
Scientific 76% 83% -
Sport 78% 75% 87%
Art & Culture 86% 89% 65%

7.2. The System Constraints

In despite of our system works with good success, still it has some constraints.

7.2.1. The Constraints For Person Names
1. If candidate word comes front or back of person name, our system makes the

candidate word as person name. For example: T'umryyn O. Maruaiir Tarayynisia

Epenxwuii ['a3zpbin anban xaaruun aynax yynasx3d (FBI's coworkers called

member O.Magnai and met him). In this sentence system makes O. Marsaiir as

person name and plus makes Taruyynein Epenxwuii I'azpein (FBI) as person

name too.

2. If candidate word connected with person name by connecter words (and, or) or

comma, the system makes the candidate word as person name. For Example:
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Kyxuruun C. Om3uiixyy , Y/AIT - biH xxyxuryud M. TyBIINHXYY , )KYKUTUYUH
A. Antantysia oponmoH ToriocoH iom (Actress S.Ulziikhuu, SOT’s actress
M.Tuvshinkhuu and actress A.Altantuya acted all together). In this sentence the
system makes C. ©On3uiixyy as person name then makes YIDT (SOT- State
Opera Theatre) person name too because of comma.

Some place and organization names are named by popular person name. That is
why sometimes system makes some organization or place name tags person
name.

Sometimes person name’s key word existed front or back of candidate. In this

situation system tags wrong words as person name.

7.2.2. The Constraints For Place Names

1.

If candidate word comes front or back of place name, our system makes the
candidate word as place name. For example: Kanan , Xsartaasa © Oty Tosroi
yyn yypxaitH komnanu (Canada, Chinese “Oyu-Tolgoi” company). Our system
tags Oroy Touroii (company name) as place name. Because Xsaraasia (Chinese)
word comes front of the word.

If candidate word connected with place name by connecter words (and, or) or
comma, the system tags the candidate word as place name.

Sometimes place name’s key word existed front or back of candidate word. In

this situation system tags the words as place name.

7.2.3. The Constraints For Organization Names

1.

In Mongolian gazette news, usually organization names come as abridgement.
However, sometimes words which not organization names are written by
abridgement. For example: “ L\ ” 6pauz (“LV” brand).

If candidate word comes front or back of organization name, our system tags the
candidate word as organization name. For example: 91> MCS xommanu. .. (This
MCS company...). System tags DOu» (This) as organization name because of

MCS komnanu.
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If candidate word connected with organization name by connecter words (and,
or) or comma, the system makes the candidate word as organization name.

Some organization names start with place names. That is why sometimes our
system finds organization name like half is place name and half is organization
name. For example: Mourossin Xepenruiin bupx (Mongolian Stock Exchange
Place).

Sometimes organization name’s key word existed front or back of candidate

word. In this situation system tags wrong words as organization name.
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8. CONCLUSION

Named Entity Recognition is wide area of Natural Language Processing. NER’s one of
important method is Rule Based system which is getting data by lexical rules. In this
project our system recognizing proper names which are person, place and organization
names for Mongolian language. Our Mongolian NER system was tested mixed text
files. The test result success was for person name 86%, for place name 87%, and for
organization name 84%. This project can be developed by using additional rules. As a
future work, we aim to develop by adding new proper name areas such as date and

money.
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